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User Behavior Modeling and Prediction on the Web

Qingchao Kong  Wenji Mao
Institute of Automation, Chinese Academy of Sciences, Beijing, 100190

Abstract In recent years, the Internet has shaped almost every aspect of our lives and digital
services have made it possible to record user behaviors. Understanding how users behave on the Web
and finding regularities and factors influencing these behaviors help discover user interests to offer
better recommendations, improve the Internet environment and services, and accurately assess the
behavior impact of a large crowd, providing support for the social management and control of the
Web. Focusing on the behavior of Web users, this paper surveys recent research progress of user
behavior modeling and prediction, and prospects its future development.
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