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# XA 4 : Stimulation of the Posterior Cortical-Hippocampal Network Enhances

Precision of Memory Recollection

& EFE: 6 February 2017
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http://www.cell.com/current-biology/fulltext/S0960-9822(16)31523-8
http://www.cell.com/current-biology/fulltext/S0960-9822(16)31523-8
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%% X : Spontaneous expression of mirror self-recognition in monkeys after

learning precise visual-proprioceptive association for mirror images
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http://www.pnas.org/content/early/2017/02/08/1620764114.abstract?sid=0b2d5722-3f94-415c-8904-7cdf58eea98a
http://www.pnas.org/content/early/2017/02/08/1620764114.abstract?sid=0b2d5722-3f94-415c-8904-7cdf58eea98a
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systems - linking neuronal University
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JESCRRAT: $483 million in grants to support innovative Australian health and medical

research projects
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https://www.nhmrc.gov.au/media/releases/2016/483-million-grants-support-innovative-australian-health-and-medical-research
https://www.nhmrc.gov.au/media/releases/2016/483-million-grants-support-innovative-australian-health-and-medical-research
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#THE: Scientists Have Figured Out How Our Brains Sharpen Our Memories While We Sleep
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PLOS ONE: —#r E s/ MMM 3 E I BN H

LT B 3] H W RATA B, R BB A & K A B AL, KR — PR B A
TR ESHMBM RN RELREARERFAEAR RO A LA HT E
BHERFF R MPFD ®MFREENER TR -8 (KHPEMETEN), HENL
REHFERKHE . RFEZH. KA MPFI F L HA—TTH KA T UE &8 8 WL H
Rl — A KIAR . AT A 2 U LA T B e o A 2 O T LUBE L X A FF IR 7 R AT 44T,
I TAR IR KA PLOS ONE £

7 MPFI Ryohei Yasuda 2% = g9t % A AR AT 707 2 & & 4o 7 (R 2t A S8 R e o] 24
DLR 3 3] AT AT B A 2 AT R T SO F R AR A (— b 5 2 89 78 20 R B KD
BEBRBER(—MHITEAAFER IR TERN T R AN IBFIHREZUINCEE,
AT A DM T KA B WE LA R MPFL 8918 £ /5 Michael Smirnov A& 7 —/4
AT ENE M BshE . DGRBS ERER, “ERAXAMEFRIEBRERE
FHFpE AL EAEMRREAER, HARMNESHTESHER.” Snirmov Wi, BT
EAEZS, IR A IER LR RN DERRT R AR,

XA R — AT MATLAB B9 8 s & 5 fF, Baa — N EEEmE L —MNEBK
EHE. EATRELIFRERGHEY, AREMFAELR IR FHLARET RN
R L2 A% R

FZH T RE BRI EAL, MBI TT BRENEERMESRERS, HikEH


http://www.sciencealert.com/science-shows-we-use-sleep-to-forget

—RA|EMFRA “RREXEFEBRBET AR — SR LR EFL.” Smirnov HE, “¢E
OF RN, HlEMHREART URE S F 2 ER XA

X A 4 : Automated Remote Focusing, Drift Correction, and Photostimulation to

Evaluate Structural Plasticity in Dendritic Spines

& Feta: January 23, 2017
RIR: EYA

ATE G
Nature: A L& &6BIH RIKE LB

Andre Esteva R EF M T 129450 7 B k5w 64 I R B, IR R BB R E P 4 5
REBFAE. AT RET —HEERARFWES FIERA LR A 2R ERRENE %,
RT—RMEHERER B ERBENRA G ERAEERT. FELRE, X—HATEAL
R — R E, EERIEIA.

KIkBERAREHE N EMREZ — Bd bk, BAEXRFERENCIIREZ 3 &
WA, BANAEEEAZRESRRKGELETHEG, THOARE, #ellZs. FHHE
TArt, N4 AT,

2 A 2 HEFRAE Nature LI —RU X B RMNEHT — A ENTE. MewE/E, N

RREFAMATE .


http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0170586
http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0170586
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EATERTE, HHFEXHEHN (HREE: (BED

ERXTHRE, BERALE—A “BRWEFL” (Convolutional Neural Network)
ST HA I3 ARIER EWERER R, IMRFRIAERANFHRATET 2 M 2R
EREWFIRRT, RAMEMERERA T — L LHRBHE R,

HRLHEZRRAENE— IR, XMHENERTETE, GRFEZERNAT.
Ee—E#LEER, B2l B X RNEMRMAELE. —FEFTBH “ANKEK” — AKX

EMBELNTE LR, EATEHRE, 45 2 TRANER(ERRR:(EAD.



Epidermal lesions Melanocytic lesions Melanocytic lesions (dermoscopy)
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FEF— R E, AL W% 5 EEN]— B X0 7150 B 6 E R R — 5 4 B
ERMEEEANF ATEZRAE LA RE X —WRAA, G o RBEFFRERE,
TME SN RIL A2 5 5 TE ZRA EEHELR.

FoTNRF, RIS ECRB SRR, WHFARKARGANERE. B
TR T, ARLEHBT Sk

EERWE, ARWEAFET S HFW)IGMER, 2FE-—R—REA. WATEH
Mz ek FX A AR FELE, ERALTFHAKML,

Benign

Malignant

# X H : Dermatologist level classification of skin cancer with deep neural

networks

K FAtE: Nature 542,115 - 118 (02 February 2017)

3 JB: New Horizon in Health. Nature

Nature: RANRATHEE—HRAHEKEETHE

HEEEATEETEN AT EFHNFIEFRBERIEE, MIT FoG MATHA F
MR ERE T — M8 N “BSNRAT” (surprisingly popular) HH ik, HAER Hal &
Nature K. X—HEHERBF RGN . BRIELRBRB T4 ANEAHREED


http://www.nature.com/articles/nature21056.epdf?shared_access_token=OjDBUH3BC5VgbYHHVx7x3tRgN0jAjWel9jnR3ZoTv0NXpMHRAJy8Qn10ys2O4tuPtovyxVYI1vj6wDkw5KrpdO5zeHQjHV62A2fbxId040Y9d3yin_4ZDdqAvnX7BgVypcNUSb0HW0nUllyY7Cjxvh-xUqKNl_gchY5617NBxaCQVgHA0ZsKgUJeu7jK-Q_xDEBRMt6xSt89BV-CGFi_4g%3D%3D
http://www.nature.com/articles/nature21056.epdf?shared_access_token=OjDBUH3BC5VgbYHHVx7x3tRgN0jAjWel9jnR3ZoTv0NXpMHRAJy8Qn10ys2O4tuPtovyxVYI1vj6wDkw5KrpdO5zeHQjHV62A2fbxId040Y9d3yin_4ZDdqAvnX7BgVypcNUSb0HW0nUllyY7Cjxvh-xUqKNl_gchY5617NBxaCQVgHA0ZsKgUJeu7jK-Q_xDEBRMt6xSt89BV-CGFi_4g%3D%3D

HR, RERERSZBEANNERA LN ;&

REBERTEM N AZENBRS - EGHRAA BT R (provocative), EE L &K
A—TBEEEE, FERAARMNELEERTATERKEENELTR AL BEEEAR
BRI TBOEMEF TN, WEER e, AERR. LFRMFERN, DIEEKLERLE
MR ATRARAREENEZREETRERERTF, ZTHAFERFT MAH
WTEg M STt AT, REFEFTEMRRME, ZZMFRLRAH Z1HFHHARL L
FiR, RO E Rk AR EY BB R A T2 B AR A L VT S R X A ] AL
ARXE, RINRHTREAZNBRTE: aBUANTNEZRAHERE. BIEH, ¥
MEMAEXTHRRTANGEBRTRETERELER, AIAENTZIRL"RKERF
BRMAAF B BE T LEENE— R GEEREF—H, ZFENER T2 E A, Flwx
THEREARNEE DA R TGER R £ % 5m. B, X — 77 ke & b A S L&
FAMCENEFEEWZ, FREMFTEREZAFANEE.

%% X &E: A Solution to the single—question crowd wisdom problem

HJE: Nature

DeepMind: A T %GB ¥k Wy

RAeERE, LEAREFWATER 2w TERARX, AFLEUBZ TG LY HEA C,
KB AR ARBER,

Al A EN ARG, EEBRENUEL, MRAEATILEREFESZEEERKRERSE
Bz EY, RETM. WEFAFLETEME.

FTod, @AM EA RN KE A IERANEARET —MEWSERES, B0
BANEETEFHIET, oA EEZABBMAENAL, €2 T2 ARENTAEFR
% ?

B, 45 AT £ 7 53 T dn T B Kok k48, 288 DeepMind A #EAT T 415t
MEor gy, SEH o BT AR R AR LU ZE b 69 I8 F R R ) R T R .

IR 4 3% 2 4 P AN A0 A9 A XN MR, T RE AR VA 8 R A A R 4B K K 7
WehFIEEFH#HL, BMALE—F; T-ABL, MA AR, BLHELNRE, HBR
FNRIE; FERBL, WHIEEHASE, —ABARFE. b TRELEEEX 7, FHit


http://www.nature.com/news/how-to-find-the-right-answer-when-the-wisdom-of-the-crowd-fails-1.21370

B TEMEBEL, MAERTHR -2 8 RGHTBESEX 7 HA, EafE
R 2 B

DeepMind A MBI E —HIE KRG A “KE” o ATHE DU “hEAR” HEHH
WA K AEAT T 4000 7K, HEXRFAAl EHEES, FEMKEESWENER, 11X
A, EHRGNFERM Al L LE, EREFRRBD, WAL REREET . AT Hx
FhdimEx, BEAEFER, €I RERABCHRRENF. FANZ, AL ABLERK
HHFRBRACTAFATREERF LR CREURFAEERFHEA—2I)L, UWEECT
TUBREELWER, WRFF AL HERHOLR, BREMNTUFSAANER. X
£ CRALBER” B IERAR AL i, a4 AR A& £ %, DeepMind
WEGEERE, RARBMEMRIEE. “EERBNFENTEFS, RLIEHRNER,
F it AL 2 R F E iR fo gy ke A FRB DALl RN FHEFERWAEHNZREAT 7

MR R X—R, AEAMATERSE—ENFHRHMER, 7
— M EES . MR AERTEE, X NEREB . mRESE R, WURE
AR FL, N2 FARB— TR —RIRT . “XEHEFRREHI L
——— RRT UL, B 2 E R B s EEZI0&A &7, ZHREw
MEENXEFHBEE, “AM, BFRR-EAEEH, ST UEFHSREEY, &
FPFFRPEY, BREHETNER. 7

e, £ —MiEkd, ALNVRE R AT URE AN B TSR N “REY
WRE, eMNw¥IE, A2t BTERA,

BREZR, WLRNFE—AE®: Al 2REECTHANPEHATHE. “EIA
LEFEF, TRRAELERMERIT, HEREWT A Hib Al FEEEHFT—RFIFE
W% EIUF .7 DeepMind AIAERE + F#, “KATH X —2HkEHFELHN 2 EE,
FAFREZERMAF T VIGEY AL X EH#ATHT. 7 RN E KR, BALLEREHEWN. £
RAHE R, BARLEFERLT, ZERFAR AEr R HEZFHIATEER SR,
WRIHEKEEEWNERASTAXMNEG T —WNERBHERZT, BREERELN,

RR-T, REEFITHENALAFRTREK, TAZFRFHEATZKEN R E & ®
WL, BEZFAAT, BERIEZEMARNRE, CNFELRBUHENAAT

DeepMind BYHT R BIA RoR:  “XAFRYER G5 1E RATEE DR G0 F M K s An T Hl
Mo 7 WR—TIRA, REAKMERN, LHEERRL, WEF. RERESHER F2 W
EE.



%7 X F: LEARNING TO PROTECT COMMUNICATIONS WITH ADVERSARTAL NEURAL CRYPTOGRAPHY

%% X : Multi—agent Reinforcement Learning in Sequential Social Dilemmas

KR WEA, AREE

KXEATH RS2V FLEBRKE

ELAESLHWEEATE#FS AAD b, SERBEAAATEHUEAREE, #1T
T A —RE “Al in Practice” Wyitit, 2T 7 & HFBHBEAHLE.

MEFRR R A ERE, REESEALFI AR L EER, —ERERETfERAR
et EHA, TUNBERRAZOERCRREN T EEEREYE, SAEELEZ A,

MEEREE TR, BERAGNEEER, ECAEVNEETNERTHEIENE

K.

A
Critical Critical
Digital World Physical World
Non-Critical Non-Critical
Digital World Physical World

b, AT/ B g R, /RN TN EE kAN, ATERNEALREA
R, FRERECHBR T RRERA, WInT ALY, BEAGRR. F_RKZRAE
TEF TR R, o R B4 AT A it B AL L A TR B AL, T A E B R
ik RZRRRAEAYBHFNERBUENLF, LARNEA FORZRELKT
BREERBENA, LWEFRASL. RBVYEALELT S, —BAEEAKTHTNEX
BRI, BFBEEMEY RO RENA.

R A A o 2 R O G BT


https://arxiv.org/abs/1610.06918
https://storage.googleapis.com/deepmind-media/papers/multi-agent-rl-in-ssd.pdf

RAME, REEWEH RO XBENARRAEEEER, KIngRANT ALY, £

T B KB 8] B R S A AT
“Al in Practice” BYJEV# 2 —, %K BAFH Vincent Vanhoucke LA K Waymo (4t

# LA B R ) 89 Dimitri Dolgov 4T T —HAF L NHEAMTABFEHZ LA,

Vincent B # 474 Google Brain HIP\ H ol TIE+ E &+ & = A4: EFRA. HE
MRS . HL2 Ao T Dimitri 51 A T mABRIEE R/ OMV) RET 2016 FXTREAZRE
2 % %k R (Disengagements) ¥ #E (K RHFEARTANKRERE) , EABE W EARIET
TABR R



California Autonomous Testing

-
Disengagements
Miles
Miles per DE
Miles per i

Company Driven DE* DE 2015 Commen Causas

Wavmo {aka (35868 124 5128 12444 Software discrepancy;

Google) unwanted vehicle
manuver

Vinyaudi M/ N/A N/A 748 M/

Mercedes-Benz 6734 336 2 18 Driver discomfort;
technology evaluation
management

Delphi 31253 178 175 41.9 Completing lane change
in heavy traffic; traffic
light detection

Tesla Motors 550 182 3 N/A Planner output invalid;
follower output invalid

Bosch 983 1442 0.7 1S Planned test of
technology

Missan 4099 28 246.7 14 AV system failure; AV is
about to collide with
vehicle or obstacle

Cruise (GM} 0846.5 414 9.3 M/A To avold unexpected
behavior

BRW G38 1 638 N/A Lane marking unclear

Honda N/A N/A N/A /A N/A

Ford 590 3 1967 N/A Aborted lane change due
tovehicle overtaking at
high speed

“DE =

Disengagements

ARWHIREEELH, FO128KEAR 1R, TUMBKWE, £HFTABENNRK

BEREIRE-RWRZHET, HHUNEIHEHLR 1K
REZNHHE, EEFRWREANERL, BELNLTAZR (Lever 4 or 5) i

PEH

e
H

BifE 2 AT AF

REK—&



TRKEDUR M T Ray 2, £ F A 90%R A 2] 99%, E1EH 0%4% 7 2| 90% % R
%, KT 99%% 2 99. 99% b I 90%4% F 2| 99%E A, T RATX LA Z BT M ERKT
AE 2 4B 3T 99. 9999%.

ARG ZN AN EENTABREE LN RATAEEL T BN — BB EE,
WA TN BRI AT B A P o B IR RGN 3 B 5 FHy AT [A), ZAT L el b o B B
i~ FK. THE/R—RWE, REFE (WInEmHELE) THLAAZFEREHBEH
RARAE L

Vincent Vanhoucke & ¥ # 5& J5 — # 45 o R ALE A LR 2 BT I A ALEE A TURET,
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K A RV G AREE R I E A, DIALE AT REALIUE A R el 5250 4 1
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X T LS AT A2 ATEEF A, A B R E A F 3 (Deep Reinforce Learning) ,
JUFETE BN F IR, ®3F Vincent —BIA A BASLIM & E FEF Ko
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AfE AMAT A2 EiFH T E &E® X (Outstanding Paper), @3 — B &E¥ £,
HbxE® XHRETET R EHEBAFITHINAF KW Russell Stewart. Stefano
Drmon, MATH® X (A BT AB M PR HERNEHRTIERENEEF )
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RRAMBEZTRE B R HEAT AL AR, X—BEERAEAITEERS Al ARESTET
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| BEBX |

JR 2 e e S AR R AL A 2 B AT AW AR AR I B ¥ Y

f6#: Russell Stewart. Stefano Drmon

R E: HEBAFITENRF R

WE: EFLZNEFINAF, FRENHELERD, ERBELHRELEN TR, KA
FINT MM ENEEEFI TE, TEEESERA-TETWEERA, MERE
7 i 2 18] B BB 45 Ak LB 2 3R o X B 2 SROR R T 28 BT RY 4R 2 AU %191 (domain knowledge),
e E R, RAVRET T M 77 ik A F R0t HA £ 5 £ o0 a2k, &R
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| REFELX |

Option—Critic &M

f%: Pierre-Luc Bacon. Jean Harb. Doina Precup

K E McGill KRFHHNMMF R R FI] LR F

14 % B 19 4 % (temporal abstraction) &35 % 3 b xf % 3] FALXI# 47§ B (scaling up)
Wk, BARANIA AR B LFE M (temporally extended) B9z 24T #L XA R IF B EAE,
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W, B 2 F A B A 3 K A2k &0, JF EA T ER B EM PN L BT B 7.
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£ JE: Mashable

MIT: EATEAMR= G

MIT B9 7N BB BB 2 e B vk, o1 DAZE 0 6 B T B B AT 3R A iR =

% AR Regina Barzilay &7, S AMIEME—F XZE, &4FRALEANIE
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FARHELEENERTEERMUERE, Z52REERERAH N HETT .

A, REANRIET R RiT R EEEANREG, AT ENRTEL 300 fCHF
REHAGEAA, FREAVRFEMAEHEAEL, NEERIERTFUL. FRHA. #
TAHEGR, WAZRET, 5EANBEFIRGML, MIT AL REEHEE G H 10%
BLE,

HHEW X

Ten Pairs to Tag - Multilingual POS Tagging via Coarse Mapping between Embeddings

Neural Generation of Regular Expressions from Natural Language with Minimal Domain

Knowledge

#JE. MIT Natural Language Processing
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BAAYERE F—RELEAMNRE

WHOERM ., £, WEEREEGMEE e REWEA, — A4 4 DragonflEye
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£ A biomimetic robotic platform to study flight specializations of bats

EIJR: ¥ &I, Science Robotics
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NYRCE S LR

REBIHEr: BERAGAERS MK 99%

SMEEARE, AL BHEIF AR RS FRBERG BH R, AR -HEREFNLE
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W, WRMEARA M EEARE—E, BERANIE, A HREERIT .

17 1SSCC LRI Z — ML R EF T —MREFIAEE, L' UEF—4
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A, e FSE LT RA E AT E HPC) iR, a4 HPC B T A4
MEREPEZFHR ERAFEEAREIRENBENBEARZEERSHE R, KT
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