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Abstract: As the core power system of the aircraft, the condition monitoring of aeroengine is very
important. It can avoid the major accident and eliminate the flight safety hazard. The engine baseline model
is the key factor to calculate the deviation of each measurement parameter from the corresponding baseline
value, and it is also the basis of the engine condition monitoring. In this paper, the separate-exhaust
turbofan engine is selected as the research object, and the high pressure rotor speed, the low pressure rotor
speed and the exhaust temperature are selected as the main parameters. The engine gas parameter model is
established using PROOSIS software, and the monitoring data of different heights, different Mach and
health conditions were obtained. Genetic algorithm and support vector machine (SVM) are used to train the
baseline parameters of the monitoring parameters to obtain the baseline model. Finally, the simulation
results show that this model can meet the requirements of engine condition monitoring.
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Fig 1 Structure diagram of separate-exhaust turbofan engine
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Fig 4 A simulation mode of separate-exhaust turbofan engine
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