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Abstract: Modeling and prediction of organizational behavior aims at
understanding social behavior and intention of our human beings
correctly and efficiently and offer help for governmental employees to
make reasonable decisions. The research objects in this field encompass
not only one person but also one social group and even nation. Research
types range from the personal behavior at micro-level to organizational
behavior at meso-level to national behavior at macro-level. In this paper,
we present the existing research of this field, including organizational
behavior, national behavior and some related studies based social media.
Furthermore, we also review some useful methods and significant
technologies.

Keywords: Organizational behavior, Social media, Social computing,
Modeling, Prediction
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El XKt R AT A TG H B AR H B F LT ARE, T
MARAT A, FFoE BB R EAE.
FHOATATNEEZBIFRAREERFEE, BE R0
FHBMER, wXESEZ/ENEE B 50 FREFH F T +
B 72 o W) SR B 3 . SORHROR & F TON 7 i B BOK AT R
Rpefnfm g, 45k, METERARNERE, FARITHARE
W EF AT TN, wh 2008 FREFHH— KT HFNE
el “HeitE. ITHESEE M (Social Computing, Behavioral
Modeling and Prediction)”. #h4b, & EBURF X474 TN 7 3% &
M, REERMFEST 2005 FIFHEHB“A %5444 508 (Human
and Social Dynamics)”H B, Z%H &4 TAI AT EBEAREBRA KK
AT A ZA.
2. PR

A& Web 2.0 SR Fot ok B 89 & R, W R BRI _EAT 4 B9 A 5%
BREL, WEZRE T EEEFEENAFATARE, 28T
BEA B TEMA P ONETANE. BAFTA R ERE T
DUT 2 E: 1) FOE AT TN, AR AR TN W 4
RERWAP &M%, AeBRTHTHERRERNERER,
ARG EL R RS RERGER. 2) AT AT, &
i K T AR P AT A AT TN, AR P AT A B AR DL ST A By
PRBEAS. REBFRABETFIITN, B2 P84T A F
Fl, AP SHEAKITH. 3) NERAUS, WEZHEELHE
WERENZ, ATRIEWNE Z 2, FEAKEN P FEATARE T
RAHHBEBNRATA.



3. ARTHEESFTN

EAPATATNG &, A ERF A H 7w, it &
HEEXK¥ LCCD 2B EHR M, WAALATHE YRS, B,
Bt XA ZHFEREEHRE, REYT FE LR TNLLAT
K. HEEZSBRAHE: 1) ARASHE L2 UL EEE. HEZ
At MAROB J1 B F T U5 & T 1980-2004 4F |a] = A& 3 X 118 M
HRW AT B (BHFEEM RN RETH) UM KA X HE
EHE (WEHEA. AP ZE. AL H5EXXZ%) , RAKIEN
EMABEEN X ET., 2) WERTAER, EHLXHAEE L,
WHHLEE S EEF BT KB, REMHEEIE SemiHop®
fr CONVEXPIE, 3) 174 Fll; ¥R ELwtaXE REMN
AU EHME, WA EBERITATNER, ERY RN U5 L%
FEAT A B AR . UG o B O 4L AT A B9 1 AL UM 7 vk TR T AT e
B, ELAB KA RS . T XA k0 A T A A UL 3R
S, BENBESTIERIFINE, FeENERESE.
FIRE| W% AR EEWAPAT A HE, FRE BT 8 204
BAPITAREEGEERAN TR, B, ARLCHRT — &
WEWF R, BEEmB. oI OE, R IE R,
REEEFENNFR.

4. ERATHREE TN

AT 4 TN T o 5 — B B AT TOM B 5 e 5k DL K Je] ey
FOG v 5, B A YRR 5 4n Mesquita 3R 6 bR ZE b o =D, oy
EEA N EETNENEEAATEN, S A6 UURANAT
HEEUBATHE RO KE, k2 AEEEAER, EARZIZT
BEAINH T ERERS, REATHNE AEH KT RITHE



TRERAEE. A ECHTAHEXREHNTNF, wFHREEL
HEGRE. PRARTREAEEINDHSE, LI, —HOHEERS
FFNE K 18] th Bk v 2Ok A . Brandt 20048 W 7 — b e 3 6t A
FUBEAL KT Bk v R B A Ak, R AR A TN DL 5 A B 2L
8L ] B 4 5%, Schrodt ™| LA K b By LDA AR AL Sk #E4T BUE
RFN, ¥z A T 29 AT W E K el o 50K 2 (7.3 R At
BE. BRikdR. BABgEFR. EirdR4IRA). Goldstone %M
F W T — AR 45 E VI RA JF 2t 1995 4F 3| 2004 4t R B A 1B K A
RERE#HATT HUM.

5. AT HRSBERNTARES FN

AN AR BRWATH TS EE T MREE. LXK,
M E A AR LA, MR £ o T R AR BRI AR
AT A . FI AL BEERTHEERE R, FRXH 2R SBERE
4T A #AT TN, Chung F1 Mustafaraj™ 3| & Twitter = & % & & 24 T
ZES WA KHER, Goel FMIF|F % & 5| d 45w X FH
R ETNE & O E B A AT . Leetarut™ R i £ 37 1]
FHIEAREEETNERE AL B4 w2 &2 IR, XM 7 i RE
M 2 R AT BTN, BARAKNHARE . ZFEETH
BHRAT N 09 ST BN, Hoxd BARAT 0 R & K A o B 2 0 4
K.

6. TEMEF =

BA, W& X 7 i sw icF R AT A BT % . LS X 7 R
WMANEEMABES, SREEF NN BRER, $RTEN 2



Korik, k. SVM iE. K AR, Tk ARG AN AE
SHMER, FRAR T, wEE . BEE AL MBS
ERMEBL, THELRMTIFOUNESR. doh, FLES T kA
SmM R, BAEEL) . HEERANAELEE BB
AR, S b S A BAE S T AR R

kMR R S H, GRS AR R, SRR E 4
(B AT 75 B B AR B A 8K, ARSE MR MR U 8 i B 6
PR S, MR S BB SRR S AR T R
MBI B, RS AHATE LRl R, BRI

AT IR Bat, WL ST ok Ry ok 0 S Mk A
B BB, GiRARIE AT R K, SRR T AT L R iR
Wl AR, R BRE TR, REE R EERE
. OMERA . ERAGL. Pk B SRR,
R TR MR e R R EE R EE, LTS R,

O i 2 304 R S B TN o, £ B R S — AN
BT, AR B TN E A B R E SR, T
BB HEEEMER (b B A G ARBEARAE) , LURE
MR EI, PR AR SRR T T (R ERE) , W
BEG AR P T RE b LT, RAKEMERA, S
WEAEEEG TN, TR EE TFEE AMNE, AHH
£ H TR A,

7. TEFARFE

AT A UM AT 6 5 5 T AR K] 20 A B _EAT A B Ae R AT 4 B
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1) I E MR
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ERE L. BB, 1 BOERE AL S AL

2) PN _BAT b < Bx

F PP T AT A R _EAT h A B BRI R B, P EAT A (3l S
T KWEATASE) RBT P Lar A xRS, fAeo RS Xz T
PR AT A 89 K A, ARIE R P W AT 4 B3 UM B R AT A B — oy
AT

3) & &H FiR

TR R TAT A TN ARG EZNER . ERER
BRI A0 kR T DU BY A AT AR R A RE R R EAT,
U AT A B A R E BRI B AT AR B TR £ BAT A
TR 74D RuE T U8 M R E B, AT A R 5 A TR A
AV EFMAITAT A TN, MR B F MR

8. w5 RE

AXEANBTATARBEEFNT B HRE =, HPATH. B
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