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Cloud Computing Architecture of Chinese Character Culture Digitization System
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Abstract Chinese Character is a core element of Chinese civilization, which plays an important role in Chinese culture
and history. Computer technology provides essential methods for Chinese character digitization. Chinese character cul-
ture digitization system (CCCDS) was developed for digitizing not only Chinese character but also Chinese culture a-
round the characters. To deal with the rapidly increasing digitized Chinese character culture information, cloud compu-
ting and big data techniques were introduced as important means for data store, data management, and data analytics.
The systern provides an interactive user experience platform whose architecture is of scalable/scalability, high availabili-
ty,and security. The system possesses real-time/history data analysis modules for the big data analysis in order to satis-

fy the requirements of applications and services based on Chinese character culture. The architecture of the system was

validated by experiments,
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