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Abstract: In document-based dialogue systems, reference knowledge identification requires to identify the user query
related information from the relevant document given the dialogue history. Reference knowledge identification model is nec-
essary for document-based dialogue systems and has significant impacts on the quality of the generated replies. Existing
methods typically use pre-trained boundary classification models. However, since reference knowledge are often difficult to
uniquely determine, models trained with single reference knowledge labels face problems such as poor robustness and low
generalization. Based on ensemble self-knowledge distillation, this paper proposes a reference knowledge identification
method, which uses the soft labels of reference knowledge provided by model itself and retains the model based on the pro-
posed distillation loss. After ensemble, the model's F1 measure and Exact Match rate on the Doc2dial test set reaches 76.71
and 63.92, respectively, and the BLEU score of the reference knowledge generated replies is 1.7 higher than the ROBERTa

model.
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How often do | have to renew the
3 < Driving School License?

Each time you renew your license,
it is renewed for two years. éu

<[ What should | do if it expires?} --------- -

(o

You must immediately stop operating
your driving school business as the
business is unlicensed. é)'

“==~{--+ for two years.

===+ not be licensed to operate. @Any services

AR

Driving School Licenses are issued to
businesses that qualify to operate a
driving school. These licenses are renewed

(MDYou must immediately stop operating
your driving school business, @which will

you provide including ... will be terminated
until your new license is issued.
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BERT 56.3 70.8 50.1 67.6 51.5 67.9
RoBERTa 63.8 75.8 56.1 69.8 59.2 73.3
ELECTRA 62.9 75.4 58.6 72.4 55.8 70.2
RWTH 65.6 77.3 — — 58.3 73.2
DIALKI 65.9 74.8 60.1 71.6 59.5 71.0
SKD 65.3 77.4 59.1 74.2 59.8 74.4
ESKD(Ours) 65.2 T 59.1 73.1 61.0 74.6
BASE-E 67.2 78.3 64.6 77.5 62.4 75.7
SKD-E 67.0 78.3 60.6 74.9 61.9 75.7
RWTH-E 68.4 78.8 64.1 75.5 63.5 75.9
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RS RGE B2, HIF RN M4 R,
TR YS FL EanRA T 8.6 5 7.7, K
RITIEL R LR GRS B T BT, BAE T
PR A B X T 2 5 AR AR BT 45 O B .
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BEAY, H & TR S S R & T BASE-E A,
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FEWIRIE, fREE TR RN TN 45 SR 2 . %
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DEE IS AR R IE . TRA AR EXT
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SRR S BN R e A VL R 2 E, 13 2
B3 g R,

6 A —k— ESKD Model A
AN - SKD Model A
SN —&— ESKD Model B

-4- SKD Model B

EM difference (%)

JiiE, S H AR BB, X R
it BB I 2 AR BT SKD 7V 4
RET T ESHEROZ MR, HIEH R
T e A B BT AL ) ESKD J7ik. SR1M, B
R 22 FIARBCE A N, ESKD J7 i Tl 2%
SR IE A SR E W SKD Jrik, EROERIRE
A 2L E Rz AP RE
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=
EM F1 EM F1
0 64.65 77.52 62.39 75.68
1 65.66 78.45 62.13 75.92
2 63.64 76.63 63.41 75.99
3 66.67 78.88 63.91 76.71

500 1000 2000 3000 4000 6000 8000 10000
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BERT 32.90
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5 WIESRHSG

stiE BT SC
A F: Hi, | need help about Veterans Mortgage Life
Insurance (VMLI).
% %.: Of course, VMLI Veterans Mortgage Life Insur-
ance offers mortgage protection insurance to families of
veterans with severe service-related disabilities who
have tailored a home to meet their needs.
A P : Could | be eligible for Veterans Mortgage Life
Insurance?

HE LA

Am | eligible for Veterans Mortgage Life Insurance?
@DYou may be able to get VMLI if you meet all of the
requirements listed below. @Al of these must be true.
You: ®Have a severe disability that we’ve concluded
was caused or made worse by your service, and...

B FriR
#riz: O ROBERTa: ® EKSD-E: ®@®

AR R
ARiE: Yes
RoBERTa: Have a severe disability that we’ve con-
cluded was caused or made worse by your service?
ESKD-E: You may be able to get VMLI if you meet
all of the requirements listed below. Do you have a

severe disability that we’ve concluded was caused or
made worse by your service?

SE 30
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