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Novel Blind Source Separation Method for Convolutive Mixed Environment

XIE Yuan'? ZOU Tao' SUN Wei-Jun** XIE Sheng-Li**

Abstract Blind source separation (BSS) for convolutive mixed environment is a challenging and practical topic. In
this paper, a nonnegative matrix factorization (NMF) model is established based on the framework of independent
component analysis, and a new optimization objective function is designed. Through strict mathematical theory de-
rivation, new model parameters update rules are obtained, and the demixing matrix is standardized to avoid the
scale ambiguity. In the stage of source reconstruction, the permutation ambiguity can be avoided by updating the
parameters of the NMF model in real time. Experimental results verify the effectiveness and superiority of the pro-
posed algorithm in separating Chinese speech mixtures, English speech mixtures, and music signal mixtures.
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Fig.3 SDR performance comparison for BSS of
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Fig.4 SIR performance comparison for BSS of
English speech mixtures
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