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Local Enhancement Reconstruction Algorithm Based on Multi-hypothesis

Prediction in Compressed Video Sensing

TANG Rui-Dong’  YANG Chun-Ling' XUAN Yun-Yi'

Abstract In multi-hypothesis prediction-based compressed video sensing reconstruction algorithms, the matching
degrees of the hypothesis set corresponding to different image blocks are quite different, so the reconstruction diffi-
culty of different blocks is obviously different. In this paper, a local enhancement reconstruction algorithm based on
multi-hypothesis (MH-LE) is proposed. Image blocks are classified into two categories and a pixel domain dual
channel matching strategy is proposed for moving image blocks, where the basic features of the image blocks are en-
hanced to improve the matching effectivity of similar blocks and obtain a higher quality hypothesis set. Besides, the
structural similarity evaluation criteria are introduced into the matching block weight assignment process to im-
prove prediction accuracy. The simulation results show that the reconstruction quality of the proposed algorithm is
superior to other multi-hypothesis prediction-based reconstruction algorithms. Compared with the group sparsity-
based reconstruction algorithms, the proposed algorithm possesses faster reconstruction speed and higher reconstruc-
tion quality at most sampling rates.
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The framework of the proposed MH-LE algorithm
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RRS 31.10 26.73 25.96 34.39 31.18 29.31

2sMHR 33.25 32.88 28.91 37.82 35.32 29.32

o1 SSIM-InterF-GSR 34.63 33.87 29.09 36.68 34.39 29.51
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FIE
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different sampling rates (s)
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